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URBAN TRIP GENERATION IS NOT WELL UNDERSTOOD COMPARATIVE RESULTS TRIP GENERATION ESTIMATION TOOLS*

Multiple tools that seek to provide trip and/or parking generation estimates for a variety of site types, have been developed in recent years. Most efforts
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MODE SHARE DATA COLLECTION AND RESULTS
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Data were collected during winter 2013-2014. Data collectors counted and surveyed people entering and exiting the sampled buildings during peak * i m——
morning and evening hours of 7 a.m. — 10 a.m. and 4 p.m.-7 p.m. respectively.

BUILT ENVIRONMENT IMPACTS ON TRIP GENERATION®
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NOTE: For more information on data collection
methodology, please see TRB Paper #15-4914 -
Methodology to Gather Multimodal Urban Trip

Generation Data

*NOTE: FOR ALL CITATIONS, PLEASE SEE COMPLETE PAPER: R. Weinberger, S. Dock, L. Cohen, J. Rogers, and J. Henson, “Predicting Travel Impacts of New Development in America’s Major Cities: Testing alternative trip

This finding suggests that transit -
generation models,” Submit. TRB 9th Annu. Meet., Aug. 2014.
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